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- Persona: [“ like sports”, “I work a lot”]
- Context: “l love running.”

- Response: “Me too! But only on weekends.”

Deep Chit-Chat: Deep
Learning for ChatBots
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NER Private BiLSTM Shared BiLSTM CWS Private BiLSTM
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NER Charater embeddings CWS Charater embeddings
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A man has few tools and is pumping his car up so he can take off the tire He ...

A. stops on the font of the bike and moves it to the left.

B. gets out of the car while leaving the engine running.

\C. uses the tool to take off all of the nuts one by one.

D. goes down from the cars, landing straight in.
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