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Classifying Sentential Modality in Legal Language: A Use Case in Financial Regulations, Acts and
Directives. *33 £ | Jack G. Conrad, Khalid Al-Kofahi. Scenario Analytics. Analyzing Jury Verdicts to
Evaluate Legal Case Outcomes. REsHHEYE ZM MH|AQ! LexisNexisE 2Y5H= Thomson Reuters
OflA] ZE 5t S10|CE 9| SIAKS Xt 2015, 10. IBMT} Watson 7142 HEHEZA0] 28sts o 283}
7|2 5t THELAS FE510] 81H|7} 2| =0 (https://www.legaltechnology.com/latest-news/thomson-
reuters-announces-ibm-watson-partnership/), 22|Lt2 Z|Cho| RIZHHSFES|ALRl 2MH|E 15t

01 25t Q7| BiCt *34 1 | CHLY FHAT(O| IR o), “42tol| 25t 42", ZAAL 2012 *35 &

11 | Matthias Grabmair. Predicting Trade Secret Case Outcomes using Argument Schemes and Learned
Quantitative Value Effect Tradeoffs. *36 &1 | https://www.nms.kcl.ac.uk/icail2017/cfcoliee.php; http://
webdocs.cs.ualberta.ca/~miyoung2/COLIEE2017/ *37 &1 | HE 20}e| EAAF Z4{0] 2H2l(annotated)
QEo| E2fjo|d C|0fE] RE2 BHIs O[T 0]# HIHBA0|M = OIS sl Zst7| 28 Yete HEER
=i, F40| 22l A2 2|2 2E2X|(legal ontology)2t 40| gi= Ci# 22| 2|2 REZXIS 917|1/T|
OFE 0183101 AINH22M X25hA| HI0|EE T&5H= Weto] azio|ct. Bl s oo 4Est =82
Z 4 Q= EA2{0] QICHD Mzix|= 8hoto|C}. Cristian Cardellino, Milagro Teruel, Laura Alonso Alemany,
Serena Villata. A Low-cost, High-coverage Legal Named Entity Recognizer, Classifier and Linker. *38 &t
11 | Seongwan Heo, Kihyun Hong, Young-Yik Rhim. Legal Content Fusion for Legal Information Retrieval.
*39 £ | Kim, Mi-Young, Sin-Jae Kang, and Jong-Hyeok Lee. "Resolving Ambiguity in Inter-chunk
Dependency Parsing." NLPRS. 2001. *40 & 11 | Mi-Young Kim, Randy Goebel. Two-step Cascaded
Textual Entailment for Legal Bar Exam Question Answering. *41 £ | O|A8, “QISX| St ¥ - Helet 4
) iR el SHOst R Y Rstel 3ta Q3 XIsHats] 38 Fat SSMDILHRIBRIS2 Al <l

R B e Nl =] ST S5S
7| 22|31 7|3)), 2017.

25



trends

Al H2El
o|2 o]

=2 2|0[0|=

2 | 5tA4] ysha@vaiim.com

ICT & healthcare ¥A0f| M H2f HMEIS SH= HFAZAME (www.vaiim.com)2|
CHETIELOICE QIZh HFE, HERI2t= Al 7I9EE 0t30 0 AtS[0)| LIgt=H| o=

07| E&0| £fi= MI&O| 2 X 20}, H2i|= 0SS 2 AISK|S0| 501 Aol chsl
SHSIL MY B 202t E7 HHR0f E2{1 =35t Qlct
26

o|zAtA0llM Al X 0] Cist 2Hal2 eAC). 7FE HlolE{ 7} B2
07| 5t EPE o2 317t LIEFE 20|7| £ 517 mf2o|C}.
J2{CHEL| HRlat 9|2 7|7| S|AL M|t SlAeE 22 HEX QI
MRS HHl| ZZ0| X2 AEIEAS T BO| LIEL FEED
QIC} =2 AEIEYUE S ZAI510] ®ESI= cbinsights.comOf|
Li2&= 9|7 Al 7|¢S0| 2 32710]] 700{ U&7t ZALE|RA=C|
835j1= 2 1000] 7HE HojAiCt.

]
oH

XS 719 e|ed Y Al #gk
Ezflojojet 2 7123 2E SHeE
X

HYOIM LIQE AHSO0[2E 0] AZst7| &R X2t &t

o N> 4y
j?’) = oxd o
o N3
o
_l'lLI_ -
o f
o T
-— [e]
M g
!
> H
0 A
=

S
N>
M m
S R
Aoz
)
(@] rc
= -_
S =2
=2 x
0 rr
X N
" Q
S
S
- =2
R o
A

e
i)
N
ot
rlo o
]
o
o
ol
=
[o]=!
2]
]
>
=
2
2
e
i)
0
Mo
i)
il
10
Hu

3
e 2opLt 2|A
Bl CHMIE XHRISE2L

AE]|

K| =20t oA

Hgo| 2[5t Z#H 97 (empirical research)2| EA12 X|L|7|
{20|ct L12|S0[2H= A, HEYIE MAsith= 22 712501
O|2S HIE o= & 227l 03] HEY3 2ASS H0|E2| S0
SI30] OFX| 2|15 4% Aot H= IFo|Ch oA 2HE0Z
HESIE =2|7| 2Ist ZFE utel, i S2E2 SelRER
MBS QUCE M| H|O[E2H & g =~ oM, (M2 I MY

0242 B=20[7|= stX|2h) =2te oHH ExslE Rigt AIZo|Tt.
— A= O

CIZCLE HR0l2t= X2 0N O IFEt 22| () HIOo[E 7t

d7ALt= 220[ OF:l7F? M22 H|O[E{2h 18k 4~ QL™ Of2h

—
J2IME 00| “as a service” 2 2AI&H 4= Q= 2FE0[ E|ACE

[321]AII7 BAE 7Y

= ‘ Data ‘ x ‘ EM Computing ‘ x ‘ Algorithm

pata g - Machine Learning as a Service - Deep Learning 212|& ggﬂ

M7} Heal(h Behavmral e - utE{el Domain HE747t -S4 ey |
it Lo EssE o - 1
28ts - :

24 280l

i g Taae wise
Fre ".a'"ef,'ﬁ"““'"e | 798 [ 235Ul 32l wsiol,
ST | i 28ELAR DI_AD uonmms oIZHEC} X|SBHE AF
Hgasn) 8y

Google Translate API ~Googe e Siri - 1110
At JeRLo| |

807K 0j42] AojollA Google - 12.7
B4 - HAE pis ol ; Cortana - 14.4
— ! Cortana Analytics
o

Alphago - 15.10
500°] of&2] AfE! ‘347\ t
X

22l 55 UM

App.
He KR

GOt G4 2140j2t1 ot A2 HEld 20F S0ME
71E BO| ZHHN ME2R =280| 201X Liee FYelo|ct
CNN(Convolutional Neural Network) 7|80 7| =gt 2IALIO|L]
FUO|L] QIEMO|L| otz BHE UEYIE &7 M8 2 &
U= 20Fo[L| ZHolct,

JeiM T IEeRE MER RES OHE0IM E|E9
SAE FRHENM VMo ZE 7|0 LIIIE=E =
Cilo|E{ol| & X&st0] £2 AE HOtL= FTIZQIl Hitio|

HAl| D ALt M HE AEEASS HEEAL

KAKAQ AI REPORT
Enlitic

201430f| M2I=l 0] 3|Ak= MIT Technology Reviewoi| A

O|Z Al 7|90 2 AJME|QIC} = o1 Hop= AA[0|9}

N
=

2l
A¢ HOJE o H2{dE XME3H0] o RRet Wil

40 m
ﬂ
i

_>|'_|

b= Z10ICE Of 7| oil chish =2 AVlE= WE2 8%

2
[>

2flofoi| M m|fnt 2HHE 2EO| /XIS Hoth= At

[ =
JedQlut A A2foloM =H £

ox U
od

O|ZO|AE0M oM ZOkS
O|

Butterfly Network
O|tHoll= O Ye| 21 Q= 7|40|Ch 20110 EAMAH
(Jonathan Rothberg) BtAtRF MIT P3LXHS0| 20 AEERIO]|

LIQ= E2O|ZHME S CHUEA QIR LIRS Zef ez
HEHE o = AOEE 37(9| Y 7|7|E TSATHD AlEfet
7|Qo[CH*. M Yool £XHE jhta 2 Tof 1-213 oto|
HES U X2 OF2] WS O[C}. 224481 8fAt= 00|
50 7|&0| o MK SO{CHE D QU= 02 = 1800 ACHO]
L2 FZ7[0f| TEE olEste das AEMIRCE 53]

Arterys
AEHEE CHel EAS0| 20 EHS! 0] S|Ak= X|0|& A0
(GE Healthcare)2} Q oFSt HENZ HOIE

04
FA=7les 7H%*3LT'_ ACH
=
=

i
ujo
)

o

-Sh

o

m

. GE2t &={510{ 7|Z0]| 602 7t
42| A% MRIZ 102 O|LHE 0|10 3XH F&ko]| C{siA
RO| ekt KM EAIHECE MM 2 5|X|= X2t
2XHA a0l M 3D Faks Helsto] PHSoL 1 Al A S
NELE LHF1, ERES EH5k= & 3l 7Ils2 Mot
2IshA E2ld S ARZRICt D SHot Eaidnt 2 A 0lX| = edX|ot
olz J& HIO|HE JLEFFH|0|M HIE SEIRERE HLHD
QIELlE Sall Al2f5let AtE HoixE A =g Pt
25l Z0f| FDA 51712 ©tQto0i GE MRIOf| EHiE|0] O]= Fairfax

Radiology Consultantst| A &F M 235K A2 10 QIC}

217



trends KAKAO AI REPORT
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ZHA afof| CHEZXQI 9| & 55|21 JAMA (the journal of the American Z10| OfL|2} SAr-2HAH-EHB 7| 20| &H M= ZHES HSsHAM CIOIHE 2lE METI JASO0| AEst Al7HE S0{M BHS0{0f
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1 | https://www.cbinsights.com/blog/artificial-intelligence-healthcare-funding/ *3 &1 | https:/www.
54H0| 671 M= 7015101 12801 Zo| Ao Pats EMAMCE CHERQI AEXM = UMAIOAM A-ETIRISO CHSt THORSHALE B8 T HE BHR| 25HH M|CHE 2l R HEIS Ot = economist.com/news/special-report/21700758-will-smarter-machines-cause-mass-unemployment-
automation-and-anxiety *4 &1 | https://www.technologyreview.com/s/532166/with-100-million-
AUE HAESH | fIsiME MEC| XHAZE 71 tut 2JAF 014 SBLIEZO0|1, &£ PR EISIXe| A oAt HCHE HO{ % of| =7t AE |2 Y2 OfLICH FRHE{ Q! 2HX} AT M OE Al 7|=0] entrepreneur-sees-path-to-disrupt-medical-imaging/ *5 111 | http: jjamanetwork.com/journals/jama/
article-abstract/2588763 *6 & 11 | https://research.googleblog.com/2017/03/assisting-pathologists-in-
Ho| ZEZICE 2 Z0ll= U stXtel We| x2lg Ftket= 37| Y2tEICk stu| o S0] Chst X|&&el 2e|= @&Z0 O dEste A2 7|H=l= LOo|X|2k Zo|Ct. detectinghtmi *7 &1 | http://www.merge.com/News/Article.aspx?ItemiD=677 *8 £ | httpsfaicure.
_ _ com/ *9 &7 | http://aicare stanford.edu *10 £ | http:/www.nature.com/news/chinese-ai-company-
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1 Densely Connected Convolutional Networks 1553] G Huang, Z Liu 2| 29!

Image-To-Image Translation With Conditional

2 adversarial Networks 1445]  Plsola, JY Zhu,2| 29
3 Uinga Ganeratve Advrearl etwr 1218l Clede LTheis I 5o
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Machine Comprehension - .
3 Using Match-LSTM and Answer Pointer 832 5 Wang, J Jiang
X X - J Donahue,
4 Adversarial Feature Learning 833 P Krahenbuhl | 191
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ak(deep neural network)2|
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Understanding / Generalization / Transfer
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Optimization / Training techniques
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FE o A= A2 7t KEstof etth= 2oLt ol E S0
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[33 7] 7Y UESI X (dueling network)™®
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*1 £X | http://snipd.net/minimax-algorithm-with-alpha-beta-pruning-in-c, *2 £ | https://www.
researchgate.net/publication/23751563_Progressive_Strategies_for_Monte-Carlo_Tree_Search *3 &% |
https://jay.tech.blog/2017/01/01/heuristic-search-mcts/ *4 &X{ | https://blog.acolyer.org/2016/09/20/
mastering-the-game-of-go-with-deep-neural-networks-and-tree-search/ *5 £%{ | https://blog.
acolyer.org/2016/09/20/mastering-the-game-of-go-with-deep-neural-networks-and-tree-search/

*6 =% | Ziyu Wang, Tom Schaul, Matteo Hessel, Hado van Hasselt, Marc Lanctot, Nando de Freitas:
Dueling Network Architectures for Deep Reinforcement Learning. ICML 2016: 1995-2003

[#3 XtE 1 - Mnih, V., Kavukcuoglu, K, Silver, D., Rusu, A. A, Veness, J., Bellemare, M. G., and
Petersen, S. (2015). Human-level control through deep reinforcement learning. Nature, 518(7540), 529-
533. - Van Hasselt, Hado, Arthur Guez, and David Silver. "Deep Reinforcement Learning with Double
Q-Learning." AAAI. 2016. - Silver, D, Huang, A., Maddison, C. J., Guez, A, Sifre, L., Van Den Driessche, G.,
& Dieleman, S. (2016). Mastering the game of Go with deep neural networks and tree search. Nature,
529(7587), 484-489
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3. Structuring Machine Learning Projects
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1. Neural Networks and Deep Learning

4. Convolutional Neural Networks
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2. Improving Deep Neural Networks:
Hyperparameter tuning, Regularization and Optimization
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