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SiAE HE (EY)
ETIIN st= Book to Price (%) OHEM Z718 (%) TPIIRIS (%) FTIHHEM (%)  ROE (%)
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BH4E o, A5 95T 08 Bt

1 ~(=p)®
3l H i1 0] 32 ul = dlA — 2
532 0] 8k U =5k (probability density function) = — e 20

Book to Price=217.9%, wj&MdS718=0.T% 559 &£4S 714 AZE0] Winnero] £3719
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2ol gtE, E9s] AR Qitta s 052 FH "ok FAE 24007 AjEofAe
Winner”} 12027}, Loser”} 119871 2191-&)

1 —(x=w)? 1 —(217.9-98.9)2
P(Book to Price|Winner) = ——=e 202 =-————¢ 2x5022 = (0.00048
2mo? 2m X 50.22

(Winner®] Book to Price 42 training data® £Hst 23} Winner®] B/P= Hi-410]
98.9%, #¥FHX7} 50.2%% U701 A ). ojul B/P=217.9%¢%] Winner £%2| pdf
FA = Yo} o] AAHE)

1 —(x=w? 1 —(9.0-10.0)?
P(ROE|Winner) = e 202 =———¢ 2x632 =(.0629
2mo? V27 X 6.32

hu
e A5HQd B Al 999 Aok 2AVE AL 4 o wEkA o
fo BE logA| 2 Wgjsto] Alikgit,

Winner &/ 815 = log( P(Winner|X)) = log(0.5 X 0.00048 X ...x 0.0629) = —21.7

P(AZ=0| Loserd &) AlAt

(Loser|Book to Price, ..., ROE)

o P(Loser) X P(Book to Price|Loser) X ... X P(ROE|Loser)
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1 —(x—p)? 1 —(217.9-96.5)?
P(Book to Price|Loser) = e 202 =—————¢ 2x474%> =(.00032
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P(ROE|Loser) = e 202 =————¢ 2x622 = (.,0633
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3} 2 0]
=2 T A

Loser ¢/ 2757 = log( P(Loser|X)) = log(0.5 X 0.00032 X ...x 0.0633) = —22.0
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BoW (Bag of Words) =& AJH

AL Lol s ujo]= Bi717h 74 o] AHSElE Hoks Bag of Words (BoW) 29 Hof}
BoW mele BA(EAE) dole Aejshs muad, Amv]elo] 45 Blaso] 4 a9t
Of $} 28 ‘AL ujolyd’ Hojol N Fus) AFgElL ol malolT)

BoW male BlAES tolo] YghoR FaAstT Hedich UL YAE dolelt U f o
712 BoW A2H 0.2 uHRTHL 51, BoW Aot 8AE clo] UE oSl ofzloldl 4
So] 9laL, ofd wofsl @ ¥ EAJck: A} Solp] Heh,

Ljo|H #o]= BoW BEle A& o2 Zgjio] sigshs training textES APdo] ZHAR
Uk, ME testing text7} o1 5l& w] s text7} of® Z22of a‘ﬂﬂ% Alg deshs o
ale]Eoltt,

A mag Faf, AMH AT} B AHE U] training textE YEAIA THAZITh 1A, A=
< Hdo] o o)A AW URIA] HIAWH AR ApFo g Fetst 4= QA "ok, k3, S A
o] 7H4 #3 9| training texte} FAHAQ 74 #3Y training text—‘é— %‘jd/\lﬂ U, M2
HAET7L 44 EHIA] RAH BHAIAE I i 9ty T FAAA o FAHo|d
AR B A FAY|ARE training text® ERAR U, ARE A7 HES O 5

Ao 572 A 2 RIA] ARg o2 wdel= Al 7hesit.
ojfl BlEZEH= G2
2 2o S0l W o4
gt

tol 5. o] BoW melol A testing textoll Solgl wolo] ERet Zasel ofs) 2o
2 Bp0] gieto] o|gAlet, thef oo} e alolet,

4%
#17]

vl

P(CilxXy, -, %) 9] Al A]: P(S k0] FA A €1 Classo]l 43 "bad" 2H= o], ..., "worse"2H= thol)

Lol H Hjo]= BoW HHojA= P(x|C) o] &5 AP Aol W/LE O] 799 that), A=
AL ofef o] =41 gt BoW HdoAl=, 54 7t o Sl AA HAE FofA
OO RIER gAY e ﬂEﬂOE A3t

P(Cul, v ) P(ck)ﬂp(x 1€ (o714 xit= 22te] o2 4h)

e thoj 017—]4 Cy Training BoLA A Yol Al o] 28314

P(x;|Cy) =
Gl Cx Training -4 4| 9] Zthoj<=

' 047|A2] Movie Review Data = http://www.cs.comel.edu/People/pabo/movie—review—data/0ll Al 7H4LES
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d& 59, Testing textol] “bad’st Toj7} Eo7F kil 1A}, 3 &40 34 Testing
text7} 27 AQ A S Aol £, A I S S| wedshr] flsjA] Al4lol
gQof IEFHe P("bad"|—01{3’Class)9} P("bad"|—,t—’XOJClass)0]E},

A0l HESS 22 FA Class Training ¥ WolAl= “bad’eh= ©hoj7) ofote A7) uh-&:
o[}, %Lxé Class EIAEZGFO] A4 who] 7427} 100,0007)aL o] o] “bad”dl= thoi7} oW
DJ ugrow P("bad"| 5%% Class) = 2/100,000 = 0.000027} €t} 54 Class gAEX G o=

bad” }}—H wol U2 7HsAo] Atk F4 Class gIAER ] AA| o] 7147} 100,00071
a1 o] Zo] “pad’eh= 017} 1309 upgkehd P("bad"| 4% Class) = 130/100,000 = 0.00132
741 VHElTE Testing textoll Qli= ZF2He] wholsof dish 919 Ake W& s, o] gEsa 1
T 85, testing text7} o® Classe] dj@sl= A S wgker 4= 91A =)

o =k Zﬂ*“] o= g7HAl =28 Ao Qlrt, Wk testing text ¢l “regrettable”o|gt tho

7} Sol9lit], B4 training text AAETL ot “regrettable’o]@ wol7t SHHE ¢loitiar
71 ol 5 A} (%lvj‘o] 7ol ol dolth). oluf s Thol7} training text T?L Yol glox
&, o] 1j9] P(x|C)= 028 AALE AL, 0o] ghHojete Fo7bH o] & XEFels HE Al
@/ Oo] Eoh, 2 3|5t thol& <l OH S Al4ko] 00] B A& WAlsH] H"?H, A B
thojgle Ayt 354 E)E 315= smoothing J}H o] Q3sjt) o]& Laplace smoothing®|2}
11 3k}, Laplace smoothingS ZE3Fst 85 AAMHL t}-&u} 7o)

a5 o] o1919] Cx Training =44 Woll A =% 314> + alpha(0.2)

P(x;ICyx) =
10 = G raining S7-1412] F-erol -+ o] 017191 A1) x alpha(0.2)

(1714 alpha= 2GE 4]9] gho] 7Hs3h

9] 54 WSKE Bol, W ARE o7t Bolteleke oS e HER AN B, 00w
ARELE AL gloA) ek

oo & Lo]|H Ho]= BoW HulS 9|5l FH|-%

rlo

25T
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BoW (Bag of Words) 2&! F&= L AMH

ZIASHG T 2 darelEd AR zeaY dolE 7IREe R ARGE uf FX anpAolct
& 7|AEGo) A Wo] AME8H= Language®+= Python¥} Ro| It} ©}7]A:= Python I E&
Lol B Ho]= BoW EEM 27EAe, (917] AFEE SLE+= http!//www, elice oo Al T <l

-
§3193. Python Slofi= RRE AT 4 9low], AW 47 98 5 98, A8 08

Q&A= http: //Wikidocs_net/book/ 16888+
ofefjelli= Python(2.7 HJH) 0.2 5%, vo]H Hlo]= Bow HHO| A =5 AAISHITE,

II

jo

Z2OY MHEC

# -*- coding: utf-8 -*-
#Python 2.7

import re

import math

def main():

trainingl text = file_load("D:/positive.txt")
training2_text = file_load("D:/negative.txt")
testing text = file_load("D:/testing.txt")
alpha = 0.2 # Laplace SmoothingZ® A%

probl = 0.5 # B3HHO| positive2 X|0fl CHSH AFMAQI Ofl&, Z&Ql 0.5
prob2 = 0.5 # Y3HHO| negative2 X0 CHEH AFMXOI (fl&. =&Ql 0.5

# naive bayesian classifier &%
relative_prob_pair = naive_bayes_run(trainingl_text, training2_text, testing_text, alpha, probl, prob2)

# 21 =4

print("[testing_text]\n%s" % testing text)

print("\n[BOW data of testing text]\n%s" % str(create_BOW(testing_text)))
print("\n[probability of positive/negative]")

print("pos:%s nega:%s" % (relative_prob_pair[@],relative_prob_pair[1]))
print("\n[Result]")

if relative_prob_pair[@]>=relative_prob_pair[1]: print("Positive")

else: print("Negative")

def file_ load(file):
f = open(file,'r")
txtfile = f.read()
f.close()

return txtfile

def naive_bayes_run(trainingl_sentence, training2_sentence, testing sentence, alpha, probl, prob2):

# testing_sentenceE positiveE7=1t HlwW

classifyl = math.log(probl) + calculate_doc_prob(create BOW(trainingl_sentence), create BOW(testing_sentence),
alpha)

# testing_sentenceS negative2 Sl HlW

classify2 = math.log(prob2) + calculate_doc_prob(create BOW(training2_sentence), create BOW(testing_sentence),
alpha)

# positiveEE1 negativeZES AUEE FEIZ return
return prob_adjustment(classifyl, classify2)

# testing2TE training27 2t HlWGHH, RAIES log(EEH)2E EAlGt= &4
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def calculate_doc_prob(training_model, testing model, alpha):
logprob = @

# training2+2 HHEE S 2
num_tokens_training = sum(training_model[1])
# training2+2 HUHEI M=
num_words_training = len(training_model[@])

# testing27S| HHOHAINEZ &l
for word in testing_model[O]:
# Y SO testing=+ W S8+
word_freq = testing model[1][testing model[@][word]]
# oY @2 training27 W E8E >
word_freq_in_training = @
if word in training_model[Q]:
word_freqg_in_training = training model[1][training model[@][word]]

FAE 2E2 "olY S0 HF 2 training2 7 W S8 3 /training2 2 & SHOHAIZ2S EH"Z HAMe
# ME2 S0 M &=0] 00 D= A2 2UD| ?IaH Laplace Smoothing(alpha)= ALEE.
# DS SEHUEZ S50 5= AT, SHEUS 1log2 HEGHH AL
for i in range(@, word freq):
logprob = logprob + math.log(word freq_in training + alpha) - math.log(num tokens_training +
num_words_training * alpha)

return logprob

# BOWSIAEXNZE MAE
# BOWEIAEXNZ = SO AIM (bow_dict) ), HHESHE A2 (bow)E 0|2 HA
# bow_dict2 2t H{EZ indexE XI&S DictionaryXlZ. bows= H0lindex22E £83 48 J|Sot= C|AEXNESY
def create_BOW(sentence):
bow_dict = {}
bow = []

sentence = sentence.lower()
# 2OBI0I2S 22Xt 2F BIztez HElste 34l D&
sentence = re.sub(r'[*a-z]+"', ' ', sentence)
words = sentence.split(' ')
for token in words:

if len(token) < 1: continue

# SO LIEFLHH, bow_dictOl =It6t1l, bowll& 622 It
if token not in bow_dict:

new_idx = len(bow)

bow.append(0)

bow_dict[token] = new_idx

# bowe| AELHS| HEHO countE 1 SHS
bow[bow_dict[token]] += 1

return bow_dict, bow

Al
Al

FEl

slot

rr

# 2012 =E=XI0 CHoll, &S0l 101 L= AUE=Z
def prob_adjustment(probl, prob2):
prol = math.exp(probl) / (math.exp(probl)+math.exp(prob2))
pro2 = math.exp(prob2) / (math.exp(probl)+math.exp(prob2))

return (prol, pro2)

if _name_ == "_main_":
main()
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9o] A=A AESH= @J5 Input datas positive, txt, negative, txt, testing. txt 37| ot}

positive, txt= 78 41¢1 B S 1,000709) o] dotelfas Hokss, 160819
tro@ o] Zojxl 87} 89| text fileo|tH(TATh3taL dolElS Hels) HUS. Yol AR),
negative, txt= F4 241 B7F7F 019 1,000719] o) Fokelias Hokse 14094 &
o]/ 8W7} 83k text fileo]|tl, testing. txti= “This movie was really really bad... haven't
seen worse in my life”?] F-17} 5019+ 71t testingw++ T ot}

[testing text]
This movie was really really bad... haven't seen worse in my life

[BOW data of testing_text]
({'life': 11, 'worse': 8, 'this': @, 'movie': 1, 'bad': 4, 't': 6, 'my': 10, 'in': 9, 'seen': 7, 'was': 2,
'haven': 5, 'really': 3}, [1, 1, 1, 2, 1, 1, 1, 1, 1, 1, 1, 1])

[probability of positive/negative]
pos:0.0566200061943 nega:0.943379993806

[Result]
Negative

3N TS AFE FUD:Wel i, 22 IT5E Adeld e} 7o Ady Aurp y
t} “This movie was ..."7} £9]7} Q+= testing text—e— SA 9 BA training text A H|aL

= =
S Au, A BPOR 57%0) ATkt fAH, HAAe Bk 04 3%0) A 2
UG et AEAo R Y B A4S H40) AT ARE} BEAs

Tk,

A =2y =] dis), SEE WA ks drshd v g

2 hitp://goo.gl/alymdE Ofl positive.ixt IUS HZEE CIREE Tis
3 hitp://g00.9l/i03TSt Ol negative.ixt IIUS HZ=3E CIRRE JKs
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Jc

# -*- coding: utf-8 -*-
#Python 2.7

import re

import math

def main():
trainingl_text = file_load("D:/positive.txt")
training2_text = file load("D:/negative.txt")
testing text = file_load("D:/testing.txt")

alpha = 0.2 # Laplace Smoothing& A==

probl = 0.5 # YOl positive2 X0 CHEH AFEZOI (il&f, SEQ! 0.5
prob2 = 0.5 # Y30l negative2 X0 CHEH AFEZOI (|4, SEQl 0.5

# naive bayesian classifier &/

relative_prob_pair = naive_bayes_run(trainingl_text, training2_text, testing_text, alpha, probl, prob2)
# 21 =4

print("[testing_text]\n%s" % testing text)

print("\n[BOW data of testing text]\n%s" % str(create BOW(testing text)))

print("\n[probability of positive/negative]")

print("pos:%s nega:%s" % (relative prob_pair[@],relative prob _pair[1]))

print("\n[Result]")

if relative_prob_pair[@]>=relative_prob_pair[1]: print("Positive")

else: print("Negative")

Main -7olct, RS G4 FA 97| X (re) 3t =5k

Himport 7+5), th&o g T gdo| ALY = text fileS

ﬂ]”}@gtmmm@jatLﬁﬂldﬁ HAzoel dAERSE M EAYL training? text
= 43

7} 7] 2| (math)
He

ol ik, el 2 o) ASE st el vjol = 25718 Ay cheel, 2ot
Fefsh Yro olojth, FAHE SHEE ARE ol oloflt: s8] mEoIA o]l

o,

Jc #2

def file load(file):
f = open(file,'r")
txtfile = f.read()
f.close()

return txtfile

file load BES A4E TEe AL d)g HAETAS ool 1 ug AAS B
2Jelsii ofahe g,
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JcE#3

def naive_bayes_run(trainingl_sentence, training2_sentence, testing sentence, alpha, probl, prob2):

# testing_sentenceE positiveE+=1t Hlw

classifyl = math.log(probl) + calculate_doc_prob(create BOW(trainingl sentence), create BOW(testing_sentence),
alpha)

# testing_sentenceE negative27 St H|w

classify2 = math.log(prob2) + calculate_doc_prob(create BOW(training2_sentence), create BOW(testing_sentence),
alpha)

# positiveZE1} negativeEHES AUHEE HEIZ return
return prob_adjustment(classifyl, classify2)

Lol 2 o]z Z577]9] 7]& AJZ} HEolt), trainingl sentence(w 8 A¢l FteF =AY, 8
W 7}%2]), training? sentence(5A A9l ste]H EA}Y), testing sentence(B|AESH FA}4)
L inputo. & HE=T} testing sentence’} &7 Class¥ €-&9] logZkol, calculate doc prob M
B2 Foll A=Y classifylol] AFET (4% 59 F #A7F 244 ofA R A Y
717 o], logZko 2 WH3et 425 ARESH. testing sentence”’} 4 Classd E&9
logZko] classify2¢]] AAETH classifyl, classify2E Input® & 3= prob adjustment &<
&kl 11 AakE efElghe)

Ic #4

# testing27E trainingE7 2t HIWGHH, RAIES log(&Ea)22 HAlGte &+
def calculate_doc_prob(training_model, testing_model, alpha):
logprob = 0

# training272 HOES s &
num_tokens_training = sum(training model[1])
# training272 HtHES M=
num_words_training = len(training_model[@])

# testing2+72 HOHAIMEZ &Sl
for word in testing _model[@]:
# ol ©OQl testing=F U S8+
word_freq = testing _model[1][testing_model[@][word]]
# ol SHOQ| training2F W &85+
word_freq_in_training = 0
if word in training_model[@]:
word_freq_in_training = training_model[1][training_model[@][word]]

# SAE 52 "ol 20 032l training2+7 W S&3!==/training2 72 &8X HHALES SH"Z H A
# ME2 S0 M &=20| 00| D= A2 2| ?I5H Laplace Smoothing(alpha)= ALEE.
# DS SEHUEZ S50 5= AT, SHEUS 1log2 HEGHH AL
for i in range(@, word_freq):
logprob = 1logprob + math.log(word_freq_in_training + alpha) - math.log(num_tokens_training +
num_words_training * alpha)

return logprob

Lo]H Hjo] 2 HE7|o] alazlo] HEo|tl o]7]A9 Input¥$¢l training model, testing
modelS  SHA  WESl naive bayes run  SlollA  create BOW (trainingl sentence),
create BOW (testing sentence)® AREE Zolt} create BOW HES E5[4 BoWAlm e
o8 WekE AyE Input 4R W 9l Alojth, BowAtEd AW ¥ WSk 32 oh59
create BOW M=ol A 28] & 4= Q)
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BoWAti #HEeQl testing modelof A+ testing model[0]¢] ©o] Dictionary A&, testing
model[1]o] To] ZH3l 7|5 gAEo| it} testing T 7 thofER gYS sjo],
2120l P(x|C) (115|0]#] HanE A4keteh AL P(xi|C)E loggto 2 gkt oh WE o
ofof tiaA] gHAlsto] ZFHoR 3Tt Classol 48 & (logB &3S BlElgh),

I #5

# BOWCIAEXIZE MAE
# BOWSIAEXNSE SO AN (bow_dict)d, HUHESHE T2 (bow)E 0|2 HA
# bow dict2 2t HtHHEZ indexZS XA DictionaryAXlZ. bows S0 index22 £S5 42 J|Sole 2IAEXNSY
def create_BOW(sentence):
bow_dict = {}
bow = []

sentence = sentence.lower()
# LIBL0I2S 22Xt 2F BIztCZ HElol=s HnAl DE
sentence = re.sub(r'[*a-z]+', ' ', sentence)
words = sentence.split(' ')
for token in words:

if len(token) < 1: continue

# ARSI LIEHLEH, bow_dictOl FItot2, bowllE 022 FIt
if token not in bow_dict:

new_idx = len(bow)

bow. append(@)

bow_dict[token] = new_idx

# bow2| AELHS| HEHO countE 1 SHS
bow[bow_dict[token]] += 1

return bow_dict, bow

2t JHE dhol BoW AR gEE 2Hshs mEo|t) Input FAIES WA ARALR HEks
T thgof resub WES AREEA HYTHIEARE B Ao| AR HEkeITh ol At
@ 4](Regular Expression) 7|52 BafA ¢ & 3= oot % Aejd EA4de 714
A, b dolof tisA TolE Key® 7HA|al, Tof2] $JA|(th] index)E ValueZ® 7}A+=
Dictionary A&E W=t} (Dictionary+ Key:Value A& 7]Z5}= Python?d #A2gd) &
A, G wo]7p B A AMEE 8145 tho] indexo] 7]EdMs BAE ARE Y=L npx|u)
o= o] 9] Dictionary(bow_dict)e} Tol && 314 2| AE(bow)E 2Fe|Edich,

| e R

’

o 4|5 AHEE Testing textS BoWAHi Fejz watstd chou} o] Lpec),

& YIAE = “This movie was really really bad... haven't seen worse in my life”

BoW NS EEH =

({'life': 11, 'worse': 8, 'this': @, 'movie': 1, 'bad': 4, 't': 6, 'my': 10, 'in':
9, 'seen': 7, 'was': 2, ‘'haven': 5, ‘'really': 3}, [1, 1, 1, 2, 1, 1, 1, 1, 1, 1, 1,
i

AAE HH, o GAEA reallyth= @oj7l F+ ¥ AMSE QI BoW A= o] Al Fi
¢l DictionaryE ¥W ‘really’: 3 &, really® ©@o]9x|7} 3082 Y2t} BoW AlEsiefo] FH
A Fiel @ sl gAEE HA (1, 1, 1, 2, LR Yo g AES] 3R(VHA) QElAT) 22
758 AL o 4 ook (ZEIHYA = 3 QG AT} 0ol A e ARt
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ICE #6

=

FEI

&lot

rr

# 2019 =EXI0f Ooll, XS0l 10| &5 AUEHES
def prob_adjustment(probl, prob2):
prol = math.exp(probl) / (math.exp(probl)+math.exp(prob2))
pro2 = math.exp(prob2) / (math.exp(probl)+math.exp(prob2))

return (prol, pro2)

AR ClassYd a4 logal, F4AQ Classd BHEY logAlE HobA, &AL
= o

100%9] AHIHQ) SEGOR uHl mEoITh $A expis A4 loghtd UgtoR wak
Shar, 1 th3oll A} 100%0] HE H8S Agsloict

3c #7

if _name__ == "_main__
main()

ol s A 9ISt 7| AF ] FAtc),
BoW (Bag of Words) 22! &2

GHOR Lol vlol: Bowsd 259 Hige] Bek Python B4 ZHM =gsto] o
HOgA ﬁt’mog_wAE Hﬂzﬂﬁagg

training textqt AT ch el @A W%
7

.
SR Sl BA o S €, Ao S e B

A BAHA st REE AST 4E Ytk Aol 2 4olXe WA S= ol

A gong, 93 dAE Ao ofn Hw /s A0 AZE B3 DART(HAE
AnzE)el Sehe BA RS ARl AR, RAH AR held s oS, DARTY
A5t BA1o] The) A5 HAISHE MPHE ZM5Stch DARTOIAE AAZE 4R2s)S 9Iak APIS

A [e)

SMBEAL Qlo], ZRAA WIS Agelele A 27k Aol oyt

[¢]
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52l 59| kb2l Naive Bayes Classifier]l sl A7fstal 24122}
1 ol& AR,

4

o

Lk

rir
oz
oE Q
é
= ﬂi
g nl

ARI=e] w2y sl A= HHolE, Z[AekG0] ofn] vk AR AL Qlot, A=
T FAANAM e 7IARE datelge AMSe ARIZE A 53 e BEojEHtolA A
Hl &, wefet gE e 50 71741’57% Oﬁﬂ% Aels Selal o =l S FARIA G =
ZIASGE ARgohe M2 TR el His) Ak tinle & 287k ekl ke vtolo)

Naive Bayes Classifier®] 2714 ZdlQl W/L @3} Bow Hdl FoflA| &z 524 Al vi2
g 4 e A2 W/L mdojry, W/L R4y} Xt 2W7ke] 71 559 425 REYsto],
714 FrM oA Fkeke ol s ae PR ol ek A

ok ol Ao Winner7} HER #2 ©7| 4R w33 F5, Loser7} MimF4F50l siget

o ’

W/LRE: A7REY Al9| 20 Z20| EXt WEH

=9 Book to Price (%) OHEM 7k (%) TPul2lg (%) F7HASM (%) ROE(%) =& Sac
Winner
St 2234 06 349 253 91 Winner
S 66.6 704 497 520 28 Winner
Ot 2|mA I 137 209 21.1 369 209  Winner
SKaHo LA 1096 -31 440 315 142 Winner
SK 636 86.1 347 36.1 133 Winner
SKE2IZE 1090 24 576 25.4 16 Winner
POSCO 2917 05 460 26.7 34 Winner
KB2& 2319 6.9 525 222 57 Winner
NAVER 183 149 334 326 258  Winner
REINES 166.1 5.1 435 233 74 Winner
Loser
AFTIRE 94.0 1.6 31.2 242 1.4 Loser
SACHRL 1658 35 333 329 106  Loser
SifmHA 1213 58 258 258 124 Loser
7|0txt 1278 59 254 26.2 126 Loser
LGstst 587 69 158 347 115 Loser
Ay 1202 28 283 241 56 Loser
Aol ACofA 251 1.2 276 559 106  Loser
LGMEAZS 139 12.7 133 38.1 250  Loser
KT&G 486 02 289 246 147  Loser
SR 768 29 190 243 95 Loser
Z: o47|M Winner, Loser 7|&2 &F 37027t F7I4+2UE0| KOSPIE 0FRLE ot=XIE 71222 A3

AZE 2Mo]| oISt HEHo|H, FAL 7|HEM XA THE 4 US
A=z AMSA
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