Al AICHE 9J5t 2|4

- ALAICHS om— 3|E0] 5712] S 1 -






O Z7}?

I.

10
nO

F

Hf = Br=Ct



ElevenLabs Gamma Runway Lumen5 Tome
(Edgd) (Z 2| I E[ O] 49) (B dd) (B A==t (Al SE10|E)
Perplexity Al Notion Al QuillBot ( Synthesia Descript
(Al ZAH) (2N Ex) =& 220 &) (OtHIEF B&) | (RUL/Bd BHE)
MidJourney Beautiful.ai Soundraw HeyGen Copy.ai

(O] O K] 4-d)

(Z oM E| O] -4)

(QOI- AHA—I)
O -1 oo

(B OFHEf)

CEEEST)

(E|Krléfe/c()r|algrx| 3| Jasper Character.ai Play.ht Murf.ai
Tholy (2= 43 (Al 2 E] 2 () (HO|AQH)
Pika Labs D-ID Suno Typewise Humata Al
(B d9) (2= OfL{HO]H) (5% d449) (Al 7| £E) (BAM 82/24)







Al oto|7t St 2 R8t7t=d,
SSAFYO||A 2]=Ql e BHOFELIR?

SSAFY,FI2IA} 5000% 1" FIE 85%"

ST, HolH, Y, HULENH S F ¢
HASO| AIZ] TE = & CSR a2t MelA Y
O|ME 2|E, I+ AHo|2 Y& S A&t 2y

Sy







TATIA REHARIR KIERE) 22 FH EM

S0\ |

L
T :
AR =
aw | Bay
CR e
E

X ‘
w.m_. E. o
= ( &25

g



66

Al 2 A= ok IOt

k- SAE iAlfot= A2 A

7010}

b




3 Min Read

Microsoft Just Laid Off

6,000 Workers. And Al
Might Be to Blame

By 55> Mike Kaput on May 20, 2025
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When combinations of humansand
Al are useful: A systematic review and

meta-analysis
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Michelle Vaccaro @', Abdullah Almaatouq @' & Thomas Malone @'

Inspired by theincreasing use of artificial intelligence (Al) to augment
humans, researchers have studied human-Al systems involving different
tasks, systems and populations. Despite suchalarge body of work, we lack
abroad conceptual understanding of when combinations of humans and Al
are better than either alone. Here we addressed this question by conducting
apreregistered systematic review and meta-analysis of 106 experimental
studies reporting 370 effect sizes. We searched aninterdisciplinary set of
databases (the Association for Computing Machinery Digital Library, the
Web of Science and the Association for Information Systems eLibrary) for
studies published between 1 January 2020 and 30 June 2023. Each study
was required to include an original human-participants experiment that
evaluated the performance of humansalone, Alalone and human-Al
combinations. First, we found that, onaverage, human-Al combinations
performed significantly worse than the best of humans or Al alone (Hedges'
£=-0.23;95% confidence interval, -0.39 to -0.07). Second, we found
performance losses in tasks that involved making decisions and significantly
greater gains in tasks thatinvolved creating content. Finally, when humans
outperformed Al alone, we found performance gains in the combination,
but when Aloutperformed humans alone, we found losses. Limitations

of the evidence assessed here include possible publication bias and
variations in the study designs analysed. Overall, these findings highlight
the heterogeneity of the effects of human-Al collaboration and point to
promising avenues for improving human-Al systems.

The Impact of Generative Al on Critical Thinking: Self-Reported
Reductions in Cognitive Effort and Confidence Effects From a
Survey of Knowledge Workers

Hao-Ping (Hank) Lee Advait Sarkar Lev Tankelevitch
Carnegie Mellon University Microsoft Research Microsoft Research
Pittsburgh, Pennsylbvania, USA Cambridge, United Kingdom Cambridge, United Kingdom
haopingli@cs.cmuedu advait@microsoft.com levtg@microsoft.com
lan Drosos Sean Rintel Richard Banks

Microsoft Research
Cambridge, United Kingdom
I-iandrosos@microsofl.com

Nicholas Wilson
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Abstract

The rise of Generative Al (GenAl) in knowledge workflows raises
questions about its impact on critical thinking skills and practices.
We survey 319 knowledge workers to investigate 1) when and
how they perceive the enaction of critical thinking when using
GenAl, and 2) when and why GenAl affects their efort to do so.
Participanits shared 936 first-hand examples of wsing GenAl in work
tasks. Quantitatively, when conskdering both task- amd user-specific
factors, & user's lask-specific sell-confidence and confidence in
GenAl are predictive of whether critical thinking is enacted and
the effort of doing o in GenAl-assisted tasks. Specifically, higher
confidence in GenAl ks associated with less critical thinking, while
higher self-confidence is associated with more critical thinking.
nualitatively, GenAl shifts the nature of critical thinking toward
information verification, response integration, and task stewardship.
Our insights reveal new design challenges and opportunities for
developing GenAl tools for knowledge work.
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1 Intreduction

Girmerativie Al [G:m“ § toseds, Bl ineind as any Send user P ||']' whiss
technical implementation dncludes a generative model baied on deep
learning 5P are the latest in a long line of technologies thal raise
questions aboat their impact on the quality of eman thought, a line
that inclodes wr.itinginbjﬁbrd1n b} Socrates), Prim:inﬂl:nh"pﬂrd fo
by Trithemius), calculators {objected to by teachers of anithmetic),
and the Internet.

Such consternation is not unfounded. Used improperly, technolo-
wies can and do resull in the deterioration of cognitive lcullies
that cught to be preserved. As Bainbridge [7) noted, a key irony
of aulomaltion is that by mechanising routine tasks and leaving
exception-handling to the human user, you deprive the user of the
routines nm'l-mtunil:'u-s to p!:u:ti:e thﬂrjudgfmm‘l and :trf.rmlh:n
their cognitive musculature, leaving them atrophied and unpre-
parisd when the exceptions do arise.

In response, research has begun looking closely at how different
activities are impacted by GenAl and the extent 1o which cognitive
offloading [8] occurs, and whether this may be an undesirable
thing. Some work has focused, for instance, on studying the elfects
of GenAl use on memory (e.g., [1. 106]) and on creativity je.g..
[2&, 100]). Moreover, design research has also been developing
interventions that improve the ability of people (o think in certain
ways (g, [24]). We review these lines of work in Section 2.

In this paper, we focus on a higher-level concept that caplures an-

—_— e e e
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Generative Agent Simulations of 1,000 People
4

Authors: Joon Sung Park'*, Carolyn Q. Zou'?, Aaron Shaw’, Benjamin Mako Hill’, Carrie Cai’,
Meredith Ringel Morris®, Robb Willer®, Percy Liang', Michael S. Bernstein'
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*Corresponding author. Email: joonspk@stanford.edu

Abstract:

The promise of human behavioral simulation—general-purpose computational agents that
replicate human behavior across domains—could enable broad applications in policymaking and
social science. We present a novel agent architecture that simulates the attitudes and behaviors of
1,052 real individuals—applying large language models to qualitative interviews about their
lives, then measuring how well these agents replicate the attitudes and behaviors of the
individuals that they represent. The generative agents replicate participants' responses on the
General Social Survey 85% as accurately as participants replicate their own answers two weeks
later, and perform comparably in predicting personality traits and outcomes in experimental
replications. Our architecture reduces accuracy biases across racial and ideological groups
compared to agents given demographic descriptions. This work provides a foundation for new
tools that can help investigate individual and collective behavior.
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20 largest companies by market cap: 1989 vs. 2021

Not a single one of the biggest companies from 1989 ranks on the 2021 list

1969 [ — 20XX

Company Country Company Country

Industrial Bank of Japan  Japan 51048 Apple $2 OST
Sumitomo Bank Japan $738 Saudi Aramco Saudn Arabia $1.92T
Fuji Bank Japan $698 Microsoft us $1.78T
Dai-Ichi Kanygyo Bank  Japan $648 Amazon us $1.56T
Exxon Corp uUs $638 Alphabet us $1.39T7
General Electric Power  US $588 Facebook us $8388B
Tokyo Electric Power Japan $568 Tencent China $7528
I1BM Corp UsS $558 Tesla us $6418
Toyota Motor Corp Japan $538 Alibaba China $6148B
American Tel & Tel UsS $488 Berkshire Hathaway us $5878
Nomura Securities Japan $468B Taiwan Semiconductor  Taiwan $5348
Royal Dutch Petroleum  Netherlands  $41B Visa us $4678
Philip Morris Cos UsS $388 JP Morgan Chase Us $4648B
Nippon Steel Japan $36B  Johnson & Johnson us $4328 .
Tokai Bank Japan $358 Samsung Electronics Korea $430B
Mitsui Bank Japan $348 Kweichow Moutai China $3858
Matsushita Elect Ind'l Japan $338 Walmart us $3828
Kansai Electric Power Japan $338 Mastercard us $353B
Hitachi Ltd Japan $328 United Health us $3518
Merck & Co Us $308 LVMH Moet France $3368

DATA: Berkshire Hathaway; 2021 figures as of March 31, 2021 ~HUSTLE
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