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» COMmpdeTy pleoed TO0 amphoyid with A, T yoai Rbsd, IS iehaing hurmdng as Al Talls s

Company replaces 700 employees with Al, two
years later, it's rehiring humans as Al falls short

ET Onling + Last Updated: May 19, 2025, 011000 PM 15T "CJ ,ﬂ:_ _‘EI ';5. E! -

Synopsis

Klarna, the buy-now-pay-later firm, will increase human hires after Al customer service
fell short of expectations. Despite cost savings from Al automation, CEO Sebastian
Siemiatkowski admitted the quality wasn't up to par. This shift reverses earlier workforce
reductions driven by Al adoption, mirroring similar trends at companies like
CrowdStrike, Duolingo, and Microsoft.




' i Reuters World v  Business v Markets v Sustainability ~  Legal v Commentary v Technology v  Investigation

Verizon says Google Al for customer
Am p||fy service agents has led to sales jump

o] ojn|

T . Q| A |

Updated &prill 9, 20:

SAN FRANCISCO, April 9 - Verizon (VZ.N) (3 said an Al assistant for the company's customer service
representatives built using Google {COOGCL Q) (5 models had cut down on call times and freed them up to

sell products to customers, leading to a surge in sales

An Al assistant on their screen helps the customer service agents figure out the right answers to

customers' quenes




This Al successfully applied to become an art
student at a university in Vienna
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Generative Agent Simulations of 1,000 People

Authors: Joon Sung Park'*, Carolyn Q. Zou'?, Aaron Shaw’, Benjamin Mako Hill’, Carrie Cai®,
Meredith Ringel Morris’, Robb Willer®, Percy Liang', Michael S. Bernstein'

Affiliations:
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Abstract:

The promise of human behavioral simulation—general-purpose computational agents that
replicate human behavior across domains—could enable broad applications in policymaking and
social science. We present a novel agent architecture that simulates the attitudes and behaviors of
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scientific reports

www.nature.com/scientificreports

OPEN The mere presence
of a smartphone reduces basal
attentional performance

Jeanette Skowronek , Andreas Seifert & Sven Lindberg

The smartphone has become an indispensable part of everyday life. It enables endless possibilities
and offers persistent access to a multiplicity of entertainment, information, and social contacts.

JOURNAL OF MEDICAL INTERNET RESEARCH Wan ei al
Qriginal Paper

Cognitive and Spontaneous Brain Activity in Nonaddictive
Smartphone Users Among Older Adults in China: Cross-

Sectional Study

Zhenyu Wan'", MD:; Xucong Qin'", MD:; Qirong Wan''. MD: Bachua Xu®. BS: Hong Lin’, MD); Fangcheng
Ouyang”, BS; Gaohua Wang', MD

Mepastment of Psychiairy, Renmin Hospiial of Wahan Usiversity, Woban, China

'-|J|.';l.l"lll|.lll ol I"‘-:n.'ll siry, Yichang ( Wy Clmmical Rezearch Cenler For Menial Disorders, Vechamg, Chisa
Depasiment of Pyychiatry, BoDe Psychiairse Hospatal, ¥echang . Chins

*these suthors contributed equally




Protecting Human Cognition in the Age of Al

Anjali Singh Karan Taneja
anjali.singh@ischool.utexas.edu ktanejabi@gatech.edu
The University of Te —
UsA
o C Your Brain on ChatGPT: Accumulation
R of Cognitive Debt when Using an Al

Abstract

The rapid adoption of Generative Al ((
shaping human cognition, influencing by
mation, think, reason, and learn. This p
literature on GenAl's effects on differe
nition. Drawing on Krathwohl's revis
Dewey's conceptualization of reflective
mechanisms through which GenAl is aff
different cognitive abilities. We focus on
who may lack both domain knowledge a
fective human-Al interaction. According]
for rethinking and designing education
critical thinking and deeper cognitive ¢

1 Introduction
The many technological advancements o
the internet, web search, social media, ar
tive Al (GenAl), have profoundly influen
learn, communicate, and work. Unlike the
wieh search, which happened at a signifi

Assistant for Essay Writing Task®

Nataliya Kosmyna ' Eugene Hauptmann Ye Tong Yuan Jessica Situ
MIT Media Lab MIT Wellesley College MIT
Cambridge, MA Cambridge, MA Wellesley, MA Cambridge, MA
Xian-Hao Liao Ashly Vivian Beresnitzky Iris Braunstein Pattie Maes

Mass. College of Art MIT MIT MIT Media Lab

and Design (MassArt) Cambridge, MA Cambridge, MA Cambridge, MA

Boston, MA
United States
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1. A /424 €= (Perception/Sensory Input)

2. 32| (Attention)

3. 4 7|Y4/7] 7| (Working Memory/Short-Term Memory)
4. 239 /37| 7|A & (Encoding/Long-Term Memory Storage)
5. 0J5ll/E& (Comprehension/Inference)

6. 24 /24 5|2 (Decision-Making/Problem Solving)

7. M /3|4 (Retrieval/Recall)

8. MIEFRIR]/A}7| € (Metacognition/Self-Reflection)
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RESEARCH REPORT

How and for Whom Using Generative Al Affects
Creativity: A Field Experiment

Shuhua Sun’, Zhuyi Angelina Li®, Maw-Der Foo’, Jing Zhou®, and Jackson G. Lu’
' A. B. Freeman School of Business, Tulane University
* School of Business, Renmin University of China
' Nanyang Business School, Nanyang Technological University
! Jesse H. Jones Graduate School of Business, Rice University
¥ MIT Sloan School of Management, Massachusetts Institute of Technology

We develop a theoretical perspective on how and for whom large language model (LLM) assistance
influences creativity in the workplace. We propose that LLM assistance increases employees” creativity
by providing cognitive job resources. Furthermore, we hypothesize that employees with high levels of
metacogmitive strategics—who actively monitor and regulate their thinking to achieve goals and solve
problems-—are more likely to leverage LM assistance effectively to acquire cognitive job resources,
thereby increasing creativity. Our hypotheses were supported by a ficld expeniment, in which we
randomly assigned employees in a technology coasulting firm to cither receive LLM assistance or not
The results are robust across both supervisor and external evaluator ratings of employee creativity. Our
findings indicate that LLM assistance enhances employees” creativity by providing cognitive job
resources, especially for employees with high (vs. low) levels of metacognitive strategics. Ovenall, our
field experiment offers novel insights into the mediating and moderating mechanisms linking LLM
assistance and employee creativity in the workplace

Keywords: generative antificial inelligence, large language models, creativity, metacognitive strategies,
cognitive job resources

Supplemensal marerials: btps:Hdororg/10.1037/ap00 1296 supp
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Embracing the Al/automation age:
preparing your workforce for
humans and machines
working together

Emmanuel Senior Tenakwah and Chrystie Watson
Business and Accounting Discipline, Faculty of Arts and Society,
Charles Darwin University, Darwin, Australia

Abstract

Purpose — This paper aims to highlight the crucial role of strategic human resource management and
leadership in preparing workforces for the artificial intelligence (Al) and automation age.
Design/methodology/approach — The paper adopts a conceptual approach, reviewing existing literature,
drawing insights from industry experts, and real-world examples to develop a framework for preparing and
sustaining workforces for the Al era.

Findings — The paper finds that successfully integrating Al and automation in the workforce requires a
proactive and strategic approach from HR leaders, emphasising the critical importance of aligning Al and
automation strategies with overall business goals through strategic workforce planning. Developing an Al-
literate and adaptable workforce is crucial for embracing Al-driven changes, necessitating the creation of new
Al-centric roles and career pathways, innovative job models, and comprehensive upskilling programs. HR
must act as a translator between humans and machines, fostering seamless collaboration, addressing cultural
and ethical implications, and leading the charge.

Research limitations/implications — The paper relies primarily on conceptual arguments and anecdotal
evidence from industry experts.

Practical implications — The paper provides actionable insights for HR leaders to foster sustainable Al
transitions within workforces.
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Which Economic Tasks are Performed with AI?
Evidence from Millions of Claude Conversations

Kunal Handa; Alex Tamkin; Miles McCain, Saffron Huang, Esin Durmus
Sarah Heck, Jared Mueller, Jerry Hong, Stuart Ritchie, Tim Belonax, Kevin K. Troy
Dario Amodei, Jared Kaplan, Jack Clark, Deep Ganguli

Anthropic

Abstract

Despite widespread speculation about artificial intelligence’s impact on the future of
work, we lack systematic empirical evidence about how these systems are actually
being used for different tasks. Here, we present a novel framework for measuring
Al usage patterns across the economy. We leverage a recent privacy-preserving
system [Tamkin et al., 2024] to analyze over four million Claude.ai conversations
through the lens of tasks and occupations in the U.S. Department of Labor’s
O*NET Database. Our analysis reveals that Al usage primarily concentrates in
software development and writing tasks, which together account for nearly half of
all total usage. However, usage of Al extends more broadly across the economy,
with ~ 36% of occupations using Al for at least a quarter of their associated
tasks. We also analyze how Al is being used for tasks, finding 57% of usage
suggests augmentation of human capabilities (e.g., learning or iterating on an
output) while 43% suggests automation (¢.g., fulfilling a request with minimal
human involvement). While our data and methods face important limitations and
only paint a picture of Al usage on a single platform, they provide an automated,
granular approach for tracking Al's evolving role in the economy and identifying
leading indicators of future impact as these technologies continue to advance.
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Al Agent Drives Task Completion

Team
Dynamics The Al agent takes primary reponsibility for task
execution with no or minimal human oversight.
Required Al agent handles the Al agent needs your
H task entirely on its own input at a few key
without your oints to achieve better
uman ithout y poi Higw b
Involvement involvement. task performance.
Al Role Automation

Al replaces human capabilities

Equal Partnership

The human and the Al
agent collaborate closely
throughout the task.

Human Drives Task Completion

The human takes primary responsibility for task
execution with varying levels of Al assistance.

Al agent and you work
together to outperform
either alone.

Al agent needs your
input to successfully
complete the task.

Task completion fully
relies on your
involvement.

Augmentation
Al enhances human capabilities

Figure 2: Levels of Human Agency Scale (HAS). We introduce the Human Agency Scale (i.e., H1-

=2 Shao, Y., Zope, H., Jiang, Y., Pei, J., Nguyen, D., Brynjolfsson, E., & Yang, D.
(2025). Auditing Automation and Augmentation Potential across the U.S. Workforce.
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